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Abstract

This study investigates the effects of terrorism on foreign direct investment (FDI). We use a large
sample of country-pair FDI flows and global terrorism data between 1985 and 2019 and employ a
panel fixed-effects model to analyze how terrorism in both home and host countries influences FDI
flows. We find that terrorism in host countries (measured by the number of terrorist attacks or victims)
negatively affects country-pair FDI flows, whereas terrorism in home countries has the opposite effect.
Moreover, several institutional factors play critical mediating roles in this relationship. The impact of
terrorism is amplified when both countries have strong corporate governance, while bilateral
investment treaties (BITs) mitigate the negative effects of terrorism in host countries. Overall, our
study suggests that terrorism in home and host countries affects FDI in contrasting ways, with corporate
governance and BITs shaping these effects. (JEL F21, F41, H56)
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1. Introduction

Foreign direct investment (FDI) is a critical component of international capital flows and
serves as an essential mechanism for financing economic activities in many countries worldwide
(Albuquergue, 2003; Borensztein et al., 1998). Numerous studies have examined the importance
and benefits of FDI from the perspectives of both home and host countries.! For home-country
investors, FDI offers opportunities to enter new markets, to achieve higher growth rates, and to
diversify investments (Herzer, 2010). For host countries, FDI enhances domestic firms’
productivity and fosters economic growth of countries with well-developed financial markets

(Alfaro et al., 2004; Javorcik, 2004; Lee and Oh, 2025).

Despite these advantages, investors remain cautious when making FDI decisions because
of the associated risks. Previous studies have highlighted various risks, including expropriation
risk (Thomas and Worrall, 1994), political risk (Jensen, 2008), and foreign exchange risk
(Calderén-Rossell, 1985). Investors make FDI decisions based on the holistic assessment of these
business risks. More recently, researchers have identified alternative determinants of FDI beyond
these traditional risks, such as corruption and money laundering (Brada et al., 2012, 2019; Cuervo-
Cazurra, 2006, 2008; Delgado et al., 2014; Holmes et al., 2013, Perez et al., 2012). Specifically,
Brada et al. (2019) argue that bilateral FDI is influenced by both the host country’s level of
corruption and differences in corruption levels between home and host countries, suggesting that
multinational corporations (MNCs) from highly corrupt home countries possess a competitive
advantage in navigating similarly corrupt environments. Perez et al. (2012) estimate that a

significant share of FDI outflows from transition economies is made to facilitate illicit money

! The home country refers to the country from which outward FDI originates, while the host country is the destination
country where inward FDI is received.



flows and money laundering, rather than being driven by purely business considerations. These

non-traditional risks highlight the complex institutional environments that shape FDI decisions.

Among these risks, terrorism has emerged as an increasingly important but highly
unpredictable threat, which can profoundly affect business activities and foreign investment
decisions (Abadie and Gardeazabal, 2008). Unlike systemic risks tied to governance or capital
flows, terrorism introduces sudden volatility and uncertainty, further complicating the decision-
making process for FDI investors. In their 2012 book The Political Economy of Terrorism,
economists Walter Enders and Todd Sandler define “terrorism” as the premeditated use or threat
of violence by individuals or subnational groups to achieve political or social objectives by
intimidating a large audience beyond the immediate victims (Enders and Sandler, 2012). Although
terrorism may constitute only a small fraction of a country's overall economic risk, it creates

substantial uncertainty about the future business environment (Becker and Rubinstein, 2004).

Since the 9/11 terror attacks, the world has indeed been seriously aware of the dangers of
terrorism, and researchers have investigated the effects of terrorism on business activities
(Bandyopadhyay et al., 2014). Terrorism can damage a country’s infrastructure and capital stock
and disrupt production activities (Blomberg et al., 2004; Lanouar and Shahzad, 2021). It can also
escalate security costs (counter-terrorism costs) by diverting resources from productive sectors in
a country (Abadie and Gardeazabal, 2008; Ullah and Rahman, 2014). These negative impacts lead
to economic instability and increase the cost of doing business in another country (Gupta et al.,
2004; Hotchkiss and Pavlova, 2009). Consequently, heightened instability and uncertainty
significantly decrease the confidence of foreign direct investors in the economy and disincentivize

them from deciding on FDI (Ullah and Rahman, 2014).



Previous studies have primarily focused on the impact of terrorism on aggregate FDI
inflows toward host countries that have been victims of terrorist attacks. As an early study, Enders
and Sandler (1996) employ time-series analysis and find a significant negative impact of terrorism
on annual net FDI in both Spain and Greece. Similarly, Blomberg and Mody (2005), using a
sample of 43 countries, report a significant negative relationship between terrorism and FDI
inflows. Abadie and Gardeazabal (2008) develop an endogenous growth model demonstrating that
terrorist risk significantly lowers the expected returns on investments, leading investors to avoid
countries where terrorism risk is high. More recent studies further explore subtle characteristics in
this relationship. For instance, Bandyopadhyay et al. (2014) investigate a sample of 78 developing
countries and find evidence that both domestic and transnational terrorism reduce a country’s net
FDI position, whereas foreign aid (i.e., development assistance) alleviates the effect of domestic
terrorism. Lanouar and Shahzad (2021) focus on South Asian countries and emphasize that the
geographical location of terrorist incidents is an important determinant of FDI inflows. Dimitrova
et al. (2022) argue that uncertainty faced by multinational firms due to both business-targeting and
non-business targeting terrorism is moderated by host-country political characteristics, with the
negative effect of terrorism on FDI being more pronounced in hybrid political regimes. Finally,
Su and Zhan (2024) use data on publicly listed firms in China and show that the adverse effect of
host-country terrorism on FDI is less pronounced for state-owned enterprises (SOESs) than for non-

SOEs.

However, these studies generally focus on terrorist attacks in only host countries and might
underestimate the importance of country-pair relationships. Indeed, terrorism in home countries
can also influence FDI decisions. Increased domestic instability by terrors might lead firms to

regard their country as a riskier business environment. As a consequence, they may intend to seek



investment opportunities in more stable foreign markets actively. Moreover, country-level
institutional characteristics and treaty agreements between nations can either facilitate or hamper
cross-border financial activities (Alba et al., 2009; Blonigen and Davies, 2004; Egger and Merlo,
2007; Hong et al., 2023). These factors might also mediate the relationship between terrorism and

FDI.

To address these gaps, our study incorporates country-pair-level FDI data and national
terrorism data for both home and host countries. In addition, our analyses include numerous home
and host countries’ socioeconomic characteristics and country-pair relationships that may affect
FDI decisions. Our country-pair-level FDI data are obtained from the OECD Stat, while global
terrorism data are sourced from the Global Terrorism Database. We use various country-year-level
measures of terrorism, including the number of terrorist incidents and the number of terrorist
victims, normalized by population in millions. The former is the most frequently used terrorism
measure in previous studies, and the latter is a measure of the intensity of terrorist attacks (Filer
and Stanisi¢, 2016). We use a large sample of directional FDI flows and global terrorist attacks
from 1985 to 2019 and find that terrorism in host countries reduces country-pair FDI flows, even
after controlling for multiple confounding factors and fixed effects. In contrast, terrorism in home

countries is associated with increased FDI flows to foreign markets, as we previously discussed.

Moreover, we identify several country-pair characteristics that mediate the impact of
terrorism on FDI flows. Specifically, in countries with well-developed corporate governance, the
effect of terrorism is amplified—terrorism in home countries leads to a greater increase in outward
FDI, while terrorism in host countries has a more pronounced negative impact. This finding
underscores the influence of unanticipated terrorist attacks in FDI decision-making. In contrast,

the negative effect of terrorism in host countries is mitigated when a bilateral investment treaty
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(BIT) exists between the home and host countries. This result suggests that BIT aids in protecting
foreign investments and reducing investment risks (Li et al., 2021; Neumayer and Spess, 2005;
Sirr et al., 2017), thereby enabling firms to continue investing in host countries despite terrorism

risks.

Our study makes several contributions to the existing literature on FDI and terrorism. First,
we extend recent research on the impact of terrorism on international capital flows by considering
both home and host countries simultaneously.? While previous studies primarily focus on the
effects of terrorism on aggregate FDI inflows to host countries (Blomberg and Mody, 2005; Enders
and Sandler, 1996; Ullah and Rahman, 2014), we provide a more comprehensive perspective. Our
findings provide micro-level evidence that terrorism in home countries increases bilateral FDI
flows, whereas terrorism in host countries reduces them, highlighting the ambivalent roles that
home- and host-country risks play in shaping FDI decisions. Moreover, our study accounts for
regional heterogeneity and explores how geographical differences between country pairs influence

the reallocation of FDI in response to terrorism.

Second, and most importantly, our study identifies the mediating roles of corporate
governance and bilateral investment treaties (BITs) in the relationship between terrorism and FDI.
We find that strong corporate governance amplifies the effects of terrorism due to heightened
investor sensitivity to risk in well-regulated environments. In contrast, the presence of BITs
alleviates the negative impact of terrorism in host countries, highlighting the crucial role of

investment protection agreements in mitigating terrorism-related risks. These findings are novel

2 For example, Charles and Darné (2006) study the effect of terrorist events, such as 9/11, on international stock
markets. Procasky and Ujah (2016) examine the long-term effects of terrorism on sovereign credit ratings, finding that
terrorist attacks lead to lower credit ratings, with a more pronounced impact in developing markets. Additionally, Filer
and Stanisi¢ (2016) show that FDI inflows are more sensitive to terrorism than other forms of capital flows (e.g.,
external debt flow and portfolio investment).



in the literature and provide valuable policy implications by illustrating how institutional factors

can shape FDI responses to unpredictable external risks such as terrorism.

The remainder of this paper is organized as follows: Section 2 discusses the theoretical
literature that underpins our study. Section 3 describes the data and empirical methodology
employed in this study. Section 4 presents and discusses the results. Finally, Section 5 provides

concluding remarks.

2. Theoretical Analysis

This study builds on several strands of the existing theoretical literature on FDI and
terrorism. In this section, we outline the key theoretical foundations that guide our empirical
investigation, focusing on how terrorism in both home and host countries affects bilateral FDI

flows, and how these effects are moderated by corporate governance and BITSs.

First, our theoretical motivation regarding home-country terrorism stems from the open-
economy framework of terrorism proposed by Abadie and Gardeazabal (2008). They develop a
two-country economy model with terrorism and perfect cross-border capital mobility, in which
terrorism affects capital accumulation through three different channels: destruction of capital stock,
changes in the return to capital, and reallocation of productive capital across countries. The model
emphasizes that heightened uncertainty caused by terrorism lowers the expected return on
investment. Consequently, differences in terrorism levels across countries can lead to substantial
capital movements, enabling international investors to diversify country risks. Consistent with the

model, we expect that countries experiencing terrorist attacks may have stronger motives to



reallocate productive facilities to safer countries, implying a positive effect of home-country

terrorism on bilateral FDI.

Regarding host-country terrorism, our argument is grounded in the literature on outward
FDI (OFDI) location choice and real options theory, which highlight the strategic management
perspective in corporate investment decisions (Cruz Rambaud and Sénchez Pérez, 2019;
Trigeorgis and Reuer, 2017). These theories point out that when firms make OFDI location choices,
they compare the value of two types of real options (Su and Zhan, 2024): the growth option—
based on the expected additional cash flows generated by investing now—and the deferment
option—reflecting the value of waiting for new information on OFDI before investing. Terrorist
attacks destroy the normal economic environment and trigger public fear, thereby increasing
uncertainty and raising external financing costs in the damaged country (Bader et al., 2015; Su and
Zhan, 2024). Therefore, terrorism is expected to reduce the value of growth option while increasing
the value of deferment option for the attacked country (Trigeorgis and Reuer, 2017), leading
multinational firms to delay FDI decisions toward that country. Accordingly, we anticipate a

negative effect of host-country terrorism on country-pair FDI.

In addition, prior research on FDI highlights that country-level institutional characteristics,
such as corporate governance, also play a crucial role in shaping investors’ assessments 0Of foreign
business environments for long-term investment (Hong et al., 2023; Schlesinger and
Tomashevskiy, 2024), thereby influencing international business activities including FDI (Alba et
al., 2009; Globerman and Shapiro, 2002). Building on institutional theory suggested by North
(1990), this line of research suggests that the level of institutional development moderates the
extent to which terrorism-related uncertainty affects both inward and outward FDI, as institutional

quality influence investors’ prospective estimates of future terrorist attacks and associated risks.
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Specifically, Schlesinger and Tomashevskiy (2024) argue that in countries with high institutional
effectiveness, terrorist events are generally less anticipated and therefore convey more salient
information, prompting investors to revise their estimates of country risk upward. In such countries,

terrorism is expected to exert a more pronounced impact on bilateral FDI.

Conversely, treaty relationships between countries could reduce institutional barriers and
facilitate cross-border economic activities (Blonigen and Davies, 2004; Egger and Merlo, 2007).
For instance, BITs are regarded as essential legal instruments that reinforce formal institutions,
reduce information asymmetries, and enhance investment protection (Neumayer and Spess, 2005).
BITs can also contribute to decreasing the cost of ambiguity in foreign business environments and
fostering a non-discriminatory investment climate across countries (Elkins et al., 2006; Li et al.,
2021). Consequently, BITs are expected to help firms better manage terrorism-related risks and
maintain consistent investment decisions, thereby mitigating the negative effect of host-country

terrorism on cross-country FDI.

Overall, this theoretical framework suggests several mechanisms through which terrorism
may influence FDI between countries. Specifically, terrorism in the home country is anticipated to
promote outward FDI, while terrorism in the host country is expected to hinder inward FDI.
Moreover, the magnitude of these effects might be strengthened in countries with strong corporate
governance, but mitigated by formal international investment protections such as BITs. In the
following sections, we empirically test these theoretical implications using refined country-pair-

level FDI flow data.

3. Data and Empirical Methods



3.1 Data and Variables

We collect data from several sources. First, the FDI data are obtained from the OECD Stat,
a representative statistical platform of the Organization for Economic Co-operation and
Development (OECD). The OECD Stat provides country-pair FDI flow data between OECD
countries and more than 150 partner countries, unlike other databases that usually contain only
country-level aggregated FDI flow data.® From the “FDI statistics according to Benchmark
Definition 3 Edition (BMD3)” in the “Globalization” section of the OECD Stat, we obtain
country-pair FDI flow data between 36 OECD countries and partner countries from 1985 to 2012.4
In addition, from the “FDI by partner country and by economic activity BMD4 and historical
BMD3 series,” we extend country-pair FDI flow data until 2019 (Hong et al., 2023).° For each
observation of country-pair FDI flow, we identify the flow direction and define the country-pair-
year-level dependent variable FDI as the US dollar value of FDI flow from the home country to
the host country. Following the previous literature, we replace negative values of FDI with zero
because negative values indicate disinvestment in assets or discharges of liabilities (i.e., selling of

FDI) (Siegel et al., 2013; Zander, 2021; Zongo, 2020).

Our other major dataset comprises terrorism data obtained from the Global Terrorism

Database (GTD), provided by the National Consortium for the Study of Terrorism and Responses

% For example, the United Nations Conference on Trade and Development (UNCTAD) provides country-level inward
and outward FDI data from 1970. However, we could not find publicly opened bilateral FDI flow data between two
countries. Although the OECD Stat database does not publicly provide FDI flows between non-OECD countries, it is
the most extensive database on country-pair FDI flows, to the best of our knowledge.

4 The list of OECD countries in our study is as follows: Australia, Austria, Belgium, Canada, Chile, Czech Republic,
Denmark, Estonia, Finland, France, Germany, Greece, Hungary, Iceland, Ireland, Israel, Italy, Japan, Korea,
Luxembourg, Mexico, Netherlands, New Zealand, Norway, Poland, Portugal, Slovak Republic, Slovenia, Spain,
Sweden, Switzerland, Turkey, United Kingdom, and United States.

5In the “Globalization” section of OECD Stat, the “FDI statistics according to Benchmark Definition 3™ Edition
(BMD3)” subsection contains FDI data from 1985 to 2013, while the “FDI by partner country and by economic
activity BMD4 and historical BMD?3 series” subsection provides it from 2000 to 2019 (Hong et al., 2023).
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to Terrorism (START).® The GTD is the most comprehensive database on worldwide terrorism. It
is an open-source database that contains detailed information on more than 200,000 terrorist
attacks worldwide since 1970. Each observation of a terror event contains various types of
information about the attack, including the incident location, time, and victims. To measure the
intensity of country-level terrorism, we use the number of terrorist attacks (Terror_Incident), the
number of fatalities occurring in terror events (Terror_Kill), and the number of casualties due to
terrorism incidents (Terror_Casualty) for each country in each year.” We normalize all three
terrorism variables by each country’s population (in millions) to control for country-size effects

(Filer and Stanisi¢, 2016).2

Figure 1 depicts the trend of terrorist attacks around the world. Panel A describes the time
series of the total number of terrorism events in the whole world. While worldwide terrorism
showed a decreasing trend in the late 20th century, it has rapidly increased in the 21st century. In

particular, the number of terror events in 2014 (16,915) is almost ten times that in 2000 (1,763).

[Insert: Figure 1]

Panel B decomposes the time trend of terrorist attacks worldwide into six continents.
Before 1990, terrorist attacks mostly occurred in South America. In contrast, the sharply increasing
trend in worldwide terrorism is boosted by Africa and Asia. The other regions (i.e., North and

Central America, Europe, and Oceania) show stationary trends compared to the previous three

6 See https://www.start.umd.edu/gtd/.

" The number of casualties is the sum of the number of the fatalities and injuries occurred by terrorist attacks for each
country in each year.

8 The logic behind normalizing is that the impact of the same number of terrorist attacks can differ across target
countries’ populations. For example, ten attacks in a country with 5 million residents are different from ten attacks in
a country with 50 million residents.
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regions. Overall, terrorism shows various waves across regions around the world.

Numerous FDI studies have identified various socioeconomic determinants of FDI flows
between countries (Dolansky and Alon, 2008; Hong et al., 2023; Siegel et al., 2013), consistent
with the standard empirical growth literature (Barro, 1991; Beugelsdijk et al., 2008). One strand
of the literature focuses on traditional macroeconomic factors, including market size (Riedl, 2010;
Sharma and Bandara, 2010), trade (Grubert and Mutti, 1991), and financial restrictions (Larrain
and Stumpner, 2017). Another set of studies highlights geopolitical factors, such as geographical
distance (Bailey and Li, 2015), territorial disputes (Lee and Mitchell, 2012), and political stability
(Quazi, 2007). Furthermore, according to the institutional theory (North, 1990, Scott, 1987),
informal norms and cultural factors can also significantly influence FDI decisions, as these are
embedded in social structures and shape individuals’ behavior in economic and business

interactions.

Given that these determinants may be correlated with our terrorism variables, we control
for them in our regressions to mitigate omitted variable bias. First, we include several country-
level control variables for both home and host countries: GDP is the natural logarithm of GDP
obtained from the World Development Indicators (WDI) of the World Bank, and it serves as a
proxy for a country’s economic size; GDPperCap is the natural logarithm of GDP per capita, and
it controls a country’s level of individual wealth; TradeOpenness is the sum of exports and
imports of goods and services divided by GDP, provided by WDI; FinancialOpenness is the
capital account openness index of Chinn and Ito (2006), which measures a country’s degree of

financial openness and contains information on the country’s actual regulatory controls on cross-
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border capital transactions (Larrain and Stumpner, 2017);® Education is the gross secondary
enrollment rate that reflects a country’s level of human capital stock (Borensztein et al., 1998),

obtained from the WDI.1°

Next, we include several country-pair-level control variables that simultaneously depend
on both the home and host countries (Desai et al., 2007; Siegel et al., 2013): GeoDistance is the
natural logarithm of the geographical distance between the most populated cities of the home
country and host country, and it is obtained from the Centre d'Etudes Prospectives et
D’Informations Internationales (CEPII); SameLanguage is a dummy variable equal to 1 if both
countries share the same primary language, and the data are also provided by CEPII;
SamelLegalsystem is a dummy variable equal to 1 if both the home and host countries share the
same legal system, based on the four legal origins (English, French, German, and Scandinavian)
according to Djankov et al. (2008); Colony is a dummy variable equal to 1 if both countries have
a past colonial relationship according to CEPII; and PastTradeflow is the sum of percentages of
import partner share and percentages of export partner share between two countries in the past
three years, provided by the World Integrated Trade Solution (WITS) of the World Bank (Kojima,
1975; Marchant et al., 2002; Mundell, 1957). Finally, to examine the role of BIT in the relationship
between FDI and terrorism, we use the BIT data provided by the International Investment

Agreements Navigator in UNCTAD.!! We define a time-varying dummy variable BIT equal to 1

® The Chinn-Ito Index is based on the binary indicator variables that codify the restrictions on cross-border financial
transactions described in the IMF’s Annual Report on Exchange Arrangements and Exchange Restrictions (ARENER).
It is the first principal component of the four dummy variables related to the existence of multiple exchange rates,
restrictions on current account transactions, restrictions on capital account transactions, and the requirements of the
surrender of export proceeds. Its value ranges from -1.92 to 2.33. For more information, see Chinn and Ito (2006).

10 The main estimation results are still consistent when we use the gross tertiary enrollment rate instead.

1 The UNCTAD publicly provides information on worldwide bilateral investment treaties, including its parties
(countries), status, date of signature, and date of termination. We make a dummy variable that is equal to 1 if the status
is “In force.”
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if a BIT is in force between the home and host country and zero otherwise. Detailed variable

descriptions are provided in Appendix A.

We incorporate country-pair directional FDI flow data with country-level terrorism data.
Moreover, we match each FDI flow with the aforementioned home-country, host-country, and
country-pair controls to construct our sample. Based on the availability of FDI flow data and the
coverage of control variables, our sample comprises 75,717 country-pair-year-level observations

from 1985 to 20109.

3.2 Methodology

First of all, we test the impact of our key terrorism variables on FDI flows using the

following regression model:

In(1 4 FDI;j,) = Bo + p1Terror_home;, + B,Terror_hostj, (1)
+0'X;j + a; +y; + 6 + e
In Equation (1), FDI;j; is the dollar value of FDI flows from the home country i to the host
country j in year t. Terror_home;, and Terror_host;, are one of the following country-level
terrorism variables: the normalized number of terrorist attacks per million population (i.e.,
Terror_Incident); the number of fatalities per million population (Terror_Kill); and the number
of casualties per million population (Terror_Casualty). X;;, represents a set of control variables
that may be correlated with FDI flows, as previously discussed. «;, y;, and &, are the home country,
host country, and year fixed effects, respectively. Equation (1) tests the effect of home- and host-

country terrorism on FDI flows. We expect that 8; > 0 and 8, < 0, which indicate that terrorism
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intensity in the home (host) country fosters (hinders) FDI activities between the two countries.

We estimate Equation (1) using the panel OLS model. We control for home-country and
host-country fixed effects to capture any unobservable country-specific endogenous influences on
FDI. We also include year-fixed effects to control for any unobservable year-level endogenous
influences. Furthermore, we cluster standard errors by home-host country pair levels to account
for a possible within-country-pair correlation. For additional checks, we apply the Poisson pseudo-
maximum likelihood (PPML) technique into our analysis to alleviate the bias resulted from zero
observations in FDI flows and robust to different forms of heteroskedasticity (Correia et al., 2020;

Silva and Tenreyro, 2006).

4. Empirical Results

4.1 Sample Statistics

Panel A of Table 1 describes the summary statistics for the sample, including the means,
standard deviations, 1% percentiles, medians, and 99" percentiles of the variables used in our
analyses. The main dependent variable, In(1 + FDI), has a median of zero, and its standard
deviation (8.8191) is similar to its mean (7.8493), indicating that positive FDI flows are widely

distributed across country pairs and years.'? In addition, the standard deviations of the terrorism

12 The original FDI flow data, prior to replacing negative values with zero, still has a median of zero. Although
approximately 17% of our observations represent negative FDI flows, their magnitude is relatively small compared to
positive flows. As a robustness check, we include these negative flows in the sample to examine whether divestments
due to terrorism influence the relationship between terrorism and FDI. Specifically, we use In(1 + FDI) for positive
FDI and —In(1 — FDI) for negative FDI as the new dependent variable. The estimation result shows consistent signs
with our main findings, particularly for host-country terrorism. Moreover, we conduct additional analyses by
normalizing bilateral FDI flows by host-country GDP and, alternatively, by the geometric mean of home- and host-
country GDPs. Across these alternative specifications, the signs of the coefficient estimates remain broadly consistent
with our main findings.
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variables (ranging from 2.9074 to 14.1343) are much larger than their means (ranging from 0.5127
to 2.5017), which implies that the intensity of terrorism varies across a wide range. Moreover,

BITs exist between the home and host countries in 33.89% of our observations.

[Insert: Table 1]

Panel B of Table 1 displays the pairwise Pearson correlation coefficients for the dependent
and explanatory variables in our regressions, including FDI flows, terrorism variables, and
country-pair control variables. Three home (host) country terrorism variables show highly positive
and significant correlation coefficients. These coefficients indicate that these three share a
substantial portion of terrorism information. Moreover, the correlation coefficients between FDI
flows and host-country terrorism variables are negative and statistically significant (ranging from
-0.0544 to -0.0306). This is consistent with our expectation that host-country terrorism is
negatively correlated with FDI. Furthermore, BIT is positively correlated with FDI (0.1773) and
negatively correlated with all terrorism variables (ranging from -0.0582 to -0.0212), implying the
mediating role of BIT in the relationship between FDI and host-country terrorism. Finally, we
observe that FDI flows are negatively correlated with geographical distance and positively
correlated with other country-pair control variables. These correlations are consistent with those

in the existing literature.

4.2 Effects of Terrorism on Foreign Direct Investment

We now demonstrate the effects of terrorism on FDI. Panel A of Table 2 reports the

estimation results for Equation (1) and shows the impact of terrorism on FDI flows. Column (1)
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indicates that the coefficient estimate for Terror_Incident_home is positive and statistically
significant at the 1% level (coefficient = 0.0439, t-value = 4.1994). In contrast,
Terror_Incident_host shows a negative coefficient, which is statistically significant at the 10%
level (coefficient =-0.0158, t-value = -1.9550). These coefficients indicate that an increase of one
terrorist attack per million population in home countries is associated with a 4.39% (=
0.0439 x 1 x 100) increase in outward FDI, after controlling for various determinants of FDI
along with country- and year-specific characteristics. In contrast, a rise of one terrorist attack per
million population in host countries yields a 1.58% (~ —0.0158 x 1 x 100) decrease in inward

FDLI.

[Insert: Table 2]

Columns (2) and (3) describe results using terrorism victims ( Terror_Kill and
Terror_Casualty) as the main independent variables. In Column (3), Terror_Casualty_home
has a positive and statistically significant coefficient (coefficient = 0.0088, t-value = 2.8931),
indicating that an increase of one casualty per million people in home countries raises FDI flows
by 0.88% (= 0.0088 x 1 x 100). Moreover, in both regressions, the coefficient for host country
terrorism is significantly negative (coefficients = -0.0096 and -0.0054, t-values = -1.9816 and -
2.5641), implying that an additional terrorism fatality and casualty per million population in host
countries reduces bilateral FDI flows by 0.96% (=~ —0.0096 x 1 x 100) and 0.54% (=

—0.0054 x 1 x 100), respectively.t®

13 Indeed, when terrorism casualties in the home country increase by one standard deviation, FDI flows also increase
by 8.31% (=~ 0.0088 x 9.4420 x 100). Moreover, one standard deviation increase in terrorism fatalities and
casualties in the host country decreases bilateral FDI flows by 5.88% (=~ —0.0096 X 6.1269 x 100) and 7.63% (=
—0.0054 x 14.1343 x 100), respectively.
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Overall, we find that terrorism in home country encourages outward FDI, whereas
terrorism in host countries hinders inward FDI flows. The former suggests strategic overseas
expansion in response to domestic insecurity, and is consistent with the open-economy channel of
terrorism proposed by Abadie and Gardeazabal (2008). Conversely, the latter provides empirical
support for theoretical arguments on outward FDI (OFDI) location choice and real options theory
(Cruz Rambaud and Sanchez Pérez, 2019; Trigeorgis and Reuer, 2017). It is also in line with prior
empirical studies showing that terrorism heightens investors’ risk perceptions and disrupts the
normal economic environment of the attacked country, thereby reducing FDI inflows (Blomberg

and Mody, 2005, Bandyopadhyay et al., 2014; Dimitrova et al., 2022; Enders and Sandler, 1996).

It is also reasonable to expect that the effect of terrorism on FDI may not be immediate,
and terrorist attacks in past times may also affect current FDI decisions. To account for this, we
create cumulative past terrorism variables by summing each terrorism variable over the previous
three years (i.e., Past_Terror_Incident, Past_Terror_Kill, and Past_Terror_Casualty) as
alternative explanatory variables. The corresponding estimation results are described in Columns
(4)—(6). The coefficients for home country terrorism variables remain positive and statistically
significant in all three columns. For host-country terrorism, Column (5) shows a negative and
statistically significant coefficient (coefficient = -0.0037, t-value = -1.8714). Therefore, these
findings confirm that our main results hold even when using past terrorism data, suggesting that
FDI decisions respond not only to contemporaneous shocks but also to the cumulative perception

of risk, thereby alleviating concerns about potential reverse causality and increasing the reliability
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of our estimated effects.!4

Furthermore, there may still be concerns that our main results reflect the effects of other
omitted factors rather than terrorism. To address the potential endogeneity bias between FDI and
terrorism, we implement a propensity-score matching (PSM) method. Specifically, we first define
the treatment group as country pairs where at least one terrorist attack occurs in either country and
the control group as the remaining pairs. Using the same control variables as in the main
regressions, we perform one-to-one matching without replacement to create a sample of matched
country pairs with similar characteristics.™® This method indeed helps control for potential
confounding factors and ensures that the observed differences in FDI flows are more likely due to
terrorism between the two countries. Panel B of Table 2 demonstrates the estimation results for
the matched sample. Our variables of interest, home and host terrorism variables, still exhibit
coefficients consistent with those in Panel A. These results indicate that our main findings remain
robust, even after accounting for the possibility that FDI flows between two countries could be

influenced by other omitted variables.

As additional tests, we take into account the regional effect on the main results. Specifically,
we have considered whether the home and host countries are located on the same continent (i.e.,
North and Central America, South America, Asia, Europe, Africa, and Oceania) or on different
continents. Panel C of Table 2 presents the estimation result for country pairs on the same-
continent, while Panel D reports the result for those on different continents. We find that the

negative effect of the host country terrorism is more concentrated when both countries are on the

14 To consider the impact of past FDI, we have included the one-year past FDI variable on the right-hand side of the
regressions. The coefficient of past FDI is highly positive, consistent with our intuition on the persistence of FDI.
More importantly, our main coefficients are still consistent.

15 The matched sample consists of 18,655 treated pairs and 18,655 control pairs.
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same continent, whereas the positive effect of the home country terrorism is prominent when the
countries are on different continents.'® These findings suggest that FDI investors are more cautious
about terrorism on the same continent, and they may actively consider FDI towards different
continents rather than the same continent when assessing terrorism threats in their investment
decisions. Overall, Panels C and D provide evidence of the geographical heterogeneity in the

relationship between terrorism and country-pair FDI flows.’

4.3 PPML Estimation

In this section, we employ an alternative estimation methodology, the Poisson pseudo-
maximum likelihood (PPML) technique established by Silva and Tenreyro (2006). Silva and
Tenreyro (2006) point out that the estimation with dependent variables in the log-linearization
form is not feasible because of frequent zeros (Hong et al., 2023). As we previously discussed, the
summary statistics in our sample indicate that the median of our dependent variable In(1+FDI) is
zero. It implies that a large number of zeros in the dependent variable can also cause the inadequacy

of the log transformation that generates biases in our results (Hergueux, 2011).%8

To mitigate these problems, Silva and Tenreyro (2006) propose the PPML methodology.
Prior studies in the FDI and trade literature point out that in OLS-based analyses using the
logarithm of FDI flows, replacing or deleting negative or zero flows can introduce some bias into

the dataset, leading to inadequate coefficient estimates (Welfens and Baier, 2018; Zander, 2021).

16 We also conduct the same analyses using the matched sample in Panel B. The results are still intact.

17 Moreover, we conduct several subsample regressions according to the continent where the host country is located.
We find that the negative effect of the host country’s terrorism is more prominent when the host country is in Asia.
18 Hergueux (2011) also argues that FDI is generally reported in millions of US dollars, which results in a huge bias
being introduced in the data when we use the log-transformed FDI as the dependent variable.
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In contrast, the PPML approach does not require the dependent variable to be log-transformed and
mitigates estimation bias arising from numerous zero observations. In addition, it remains
consistent in the presence of fixed effects and is robust to heteroskedasticity issues (Shepherd,
2016). For these reasons, the PPML technique has been widely applied in recent international trade
and FDI research (Silva and Tenreyro, 2006). According to Biro et al. (2019), the PPML method
provides a better fit for FDI data and delivers more consistent and efficient estimates compared to

standard OLS methodology.

We use the original values of FDI flows, rather than their logarithmic transformation, as
the dependent variable and estimate the main regressions using the PPML methodology. *°
Specifically, we employ the fast Poisson estimation with high-dimensional fixed effects (HDFE)
developed by Correia et al. (2020). It is an advanced technique that can ensure the existence of

maximum likelihood estimates in linear models with HDFE.
[Insert: Table 3]

Table 3 documents the corresponding estimation results. Compared to previous tables, the
R-square values in Table 3 (ranging from 0.7247 to 0.7251) are strikingly higher. The PPML
estimation with high-dimensional fixed effects we apply could have substantially improved the
explanatory power of our models to explain the effect of terrorism on FDI. Panel A shows the
estimation result corresponding to Table 2. In Column (1), the coefficient of the home-country
terror incident variable is positive and statistically significant at the 1% level (coefficient = 0.0243,

t-value = 2.8995). In contrast, Columns (5) and (6) indicate that two past host-country terrorism

19 As an additional test, we also have conducted PPML estimations using only positive FDI flows. The results remain
broadly consistent with our main findings.

20



variables (i.e., Past_Terror_Kill and Past_Terror_Casualty) are negative and also highly
significant (coefficients = -0.0163 and -0.0046, t-values = -2.8146 and -3.1066). These two

variables are more substantial than those in Table 2.

In summary, Table 3 reaffirms that our main results are generally robust and fairly
convincing: home-country terrorism stimulates outward FDI, whereas host-country terrorism
suppresses inward FDI, even when we employ a more reliable estimation method from the
literature. The use of PPML enhances the reliability of our main findings by addressing potential

issues related to skewed distributions and heteroskedasticity in the FDI data.?°

4.4 Mediating Features Between Terrorism and Foreign Direct Investment

We further investigate several features that can potentially mediate our main effect of
terrorism on country-pair FDI flows. Because the degree of institutional development varies
widely across countries, the country-level terrorism variables are also expected to impact
differently on bilateral FDI flows according to the institutional features. We analyze how
institutional characteristics, such as governance or bilateral treaties, can mediate the relationship
between FDI and terrorism. Specifically, we employ the PPML estimation using the following

regression model with interaction terms:

20 To better understand how terrorism influences FDI decisions, we conduct an additional analysis using a location
choice model. This approach allows us to exploit the information contained in zero values in FDI, which represent
cases where no FDI occurs or where divestments take place. Specifically, we construct a dummy variable
FDI _location, which takes the value of 1 for positive FDI and 0 for zero FDI. We then estimated logit and probit
models to explore how the probability of investing in a country is affected by terrorism. The corresponding results
indicate that host-country terrorism significantly decreases the likelihood of investment.
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FDI;j = By + B1Terror_home;; + p,Terror_host;; + BzMediating;; (2)
+ By Terror_home;; X Mediating;;;
+ BsTerror_hostj, X Mediating;j
+0'X;j +a; +v; + 6 + e
In Equation (2), Mediating;j, is the indicator variable (e.g., HighWGI or BIT) about the

mediating features that we will discuss.

The first feature is corporate governance. In order to incorporate the effect of corporate
governance into the relationship between FDI and terrorism, we introduce the country-level
governance index (W GI) of both home and host countries. Specifically, WGI is defined as the sum
of six-dimension scores of the Worldwide Governance Indicators (WGI), where the six governance
dimensions are ‘Voice and Accountability,” ‘Regulatory Quality,” ‘Political Stability and Absence
of Violence/Terrorism,” ‘Rule of Law,” ‘Government Effectiveness,” and ‘Control of Corruption.’
For each dimension, higher scores correspond to better outcomes. Based on WGI, we define a
country-pair-level dummy variable HighW GI which indicate that both home and host countries
have WGI above its median. Observations with the value of HighWGI indicate FDI flows

between high levels of governance.

We interact HighW GI with terrorism variables in Equation (2), and Panel A of Table 4
shows the corresponding result. For home country terrorism, three interaction variables show
positive and statistically significant coefficients. For example, in Column (5), the positive
coefficient of Past_Terror_kill_home X HighWGI is significant at the 1% level (coefficient =
0.0432, t-value = 4.7690). This suggests that countries with high governance quality are more

likely to respond to domestic terrorism by increasing outward FDI, possibly because of greater
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institutional capacity to reallocate investments abroad. Therefore, FDI investors in high-
governance countries appear more willing to engage in overseas expansion when suffering from

domestic terrorism threats.

[Insert: Table 4]

For host country terrorism, however, several interaction variables are highly negative.
Column (5) also shows that the interaction term is negative and statistically significant at the 1%
level (coefficient = -0.0285, t-value = -2.8207). This result implies that FDI investors are more
cautious about terrorist attacks in countries with high corporate governance compared to those in
other countries. Such attacks are generally less anticipated and, therefore, more informative,
leading investors to revise their risk assessments upward, as discussed by Schlesinger and
Tomashevskiy (2024).2% Overall, Panel A provides evidence that FDI investors react more
sensitively to terrorist attacks in countries with well-developed corporate governance
environments, and thus emphasizes the influence of unanticipated terrorist attacks in worldwide

FDI decisions.

Next, the second feature is bilateral investment treaty (BIT) between two countries. Related
literature generally argues that BITs are effective in protecting foreign investments and reducing
investment risks (Li et al., 2021; Neumayer and Spess, 2005; Sirr et al., 2017). Therefore, BIT is

expected to help firms to overcome terrorism risks and consistently invest in host countries-

21 Based on the literature that highlights the role of political stability in FDI decisions (Busse and Hefeker, 2007), we
also investigate how political stability (or risk) matters in the relationship between FDI and terrorism. To measure the
degree of political stability (POL), we solely use the score of ‘Political Stability and Absence of Violence/Terrorism’
in WGI. The higher value of POL implies that the corresponding country has higher (lower) political stability (risk).
We similarly define country-pair-level dummy variable HighPOL which indicates that both home and host countries
have POL above its median. Observations with the value of HighPOL indicate FDI flows between high levels of
political stability. We use HighPOL as an interaction variable with terrorism variables in the PPML estimation. We
obtain similar results to Panel A of Table 4, especially when we use the terror fatalities variables.
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Following the previous literature, we define BIT;;; as the indicator variable that equals one if a
BIT is in force between the home country i and the host country j in year t. We interact BIT with

terrorism variables in Equation (2).

Panel B of Table 4 provides the estimation results and shows the influence of BIT on the
relationship between FDI and terrorism. In Columns (2) and (5), coefficient of interaction term
between host country terrorism and BIT is positive and statistically significant (coefficients =
0.0316 and 0.0214, t-values = 1.7045 and 2.3315). These results partially imply that a BIT between
home and host countries alleviates the negative effect of terrorism fatalities in the host country on
FDI flows between the two countries.?? Overall, these results show that BIT mitigates the negative
effects of target countries’ terrorism on FDI. These findings are in accordance with prior studies
demonstrating that bilateral agreements and foreign aid can act as counterterrorism mechanisms
by reducing uncertainty and alleviating negative consequences of terrorism (Bandyopadhyay et al.,
2014; Fleck and Kilby, 2010). Consequently, BIT can be regarded as an important policy tool to

shield investors against the risks of unanticipated terrorist attacks in overseas.

In summary, Table 4 highlights that institutional features fundamentally shape how
terrorism affects bilateral FDI decisions. In particular, strong corporate governance can amplify
the sensitivity of investors to terrorism risks, leading to sharper adjustments in FDI flows, while
BITs can mitigate these negative effects by providing legal protections and reducing perceived
uncertainty. These institutional factors play a moderating role in determining the extent to which

terrorism matters country-pair FDI flows.

22 We also check these PPML results in subsample regressions for robustness. The main results in Panel A generally
come from the subsample consisting of country pairs without BIT (i.e., BIT = 0). Therefore, we find consistent results
with Panel B.
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5. Conclusion

This study examines how terrorism influences worldwide FDI decisions. The most
distinguishing feature of this study from the extant literature is that we employ comprehensive
country-pair FDI flow data to consider the role of both home and host countries’ terrorism together
in explaining cross-border FDI movements. Using a large sample of international FDI flows and
global terrorism data from 1985 to 2019, we first find that terrorism in the host country, measured
by the normalized number of terrorist attacks and terrorism victims, is negatively related to FDI
flows between the home and host countries. This is consistent with previous studies that report the
negative influence of terrorism on FDI inflows (Bandyopadhyay et al., 2014; Enders and Sandler,
1996; Ullah and Rahman, 2014). In contrast, the home country terrorism positively affects bilateral
FDI flows. These ambivalent effects of home and host countries strongly support the open-
economy channel impact of terrorism (Abadie and Gardeazabal, 2008). Our main results remain
consistent under several robustness checks, including propensity-score matching and PPML
estimation. Furthermore, we also find that the effect of terrorism is more pronounced between two
countries with higher levels of corporate governance, whereas the negative effect of the host

country’s terrorism is alleviated if both countries have a BIT in force.

Our findings suggest that corporate investors consider terrorism as a critical factor when
making FDI decisions, particularly in regions with strong corporate governance frameworks. In
such environments, investors tend to be more sensitive to terrorism risks, as well-governed markets
often enforce higher standards for risk management. This heightened sensitivity can lead to capital

outflows or reduced investment in response to even moderate levels of terrorist activity, potentially
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disrupting efficient capital allocation and risk diversification worldwide (Yang, 2012). Therefore,
policymakers—especially in well-regulated markets—should proactively manage terrorism risks
alongside other forms of country risk when promoting FDI liberalization and financial integration.
For instance, governments aiming to attract foreign investment should strengthen investment
protection frameworks, particularly through BITs, which help mitigate perceived risks associated
with terrorism. Additionally, multinational corporations planning to invest in high-risk
environments should develop adaptive risk management strategies to enhance resilience against
terrorism-related disruptions. Such strategies will ensure sustained operations and minimize

potential losses in volatile environments.

While our study provides important insights into the relationship between FDI, terrorism,
and mediating factors, it also has some limitations that future research could address. First, our
analysis focuses on aggregate bilateral FDI flows, which may overlook sectoral heterogeneity. FDI
in certain sectors may be more resilient to political risk or terrorism, while others may be more
vulnerable. Future research could explore sector-specific FDI flows if detailed data become
available. Second, although our sample period (1985-2019) offers a long-term perspective, recent
global events (e.g., the COVID-19 pandemic, the Russian-Ukraine war, and the Israel-Palestine
conflict) have significantly heightened geopolitical tensions and global uncertainty. These ongoing
crises may have further reshaped the relationship between terrorism and FDI, highlighting the
importance of understanding how external shocks interact with terrorism risks and institutional
factors. Given the increasingly volatile global environment, further research could extend our
analysis by incorporating post-2019 data to capture the evolving dynamics of terrorism and
geopolitical risks on FDI decisions. Lastly, moving beyond country-level aggregate patterns, firm-

level analyses could offer valuable insights into how multinational firms adjust their international
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investment strategies in response to unanticipated external threats. Such an approach would help
reveal heterogeneous responses and provide a more granular understanding of how firms navigate

external risks.

In short, our study highlights the ambivalent effects of terrorism on country-pair FDI flows

and emphasizes the role of mediating factors.
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Appendix A: Variable Definitions

Variable

Definition

Dependent variable
FDI

Independent variables

Terror_Incident_home

Terror_Incident_host

Terror_Kill_home

Terror_Kill_host

Terror_Casualty _home

Terror_Casualty host

Past_Terror_Incident_home

Past_Terror_Incident_host

Past_Terror_Kill_home

Past_Terror_Kill_host

Past_Terror_Casualty_home

Past_Terror_Casualty host

Interaction variables
HighWGlI

BIT

Control variables

The US dollar value of FDI flows from the home country i to the host country j in
year t (source: OECD Stat).

The number of terrorist attacks in the home country i in year t, normalized by
population in millions (source: GTD).

The number of terrorist attacks in the host country j in year t, normalized by
population in millions (source: GTD).

The number of terrorism fatalities in the home country i in year t, normalized by
population in millions (source: GTD).

The number of terrorism fatalities in the host country j in year t, normalized by
population in millions (source: GTD).

The number of terrorism fatalities plus the number of terrorism injuries in the home
country i in year t, normalized by population in millions (source: GTD).

The number of terrorism fatalities plus the number of terrorism injuries in the host
country j in year t, normalized by population in millions (source: GTD).

The cumulative value of Terror_Incident_home for the last 3 years in the home
country i in year t, normalized by population in millions (source: GTD).

The cumulative value of Terror_Incident_host for the last 3 years in the host
country j in year t, normalized by population in millions (source: GTD).

The cumulative value of Terror_Kill_home for the last 3 years in the home country
i inyear t, normalized by population in millions (source: GTD).

The cumulative value of Terror_Kill_host for the last 3 years in the host country j
in year t, normalized by population in millions (source: GTD).

The cumulative value of Terror_Casualty_home for the last 3 years in the home
country i in year t, normalized by population in millions (source: GTD).

The cumulative value of Terror_Casualty host for the last 3 years in the host
country j in year t, normalized by population in millions (source: GTD).

Dummy variable that is equal to 1 if the values of WGI are above the median in
both the home country i and the host country j in year t, where WGI is the sum of
six-dimension scores of the Worldwide Governance Indicators (source: WGI)

Dummy variable that is equal to 1 if there is a bilateral investment treaty (BIT) in
force between the home country i and the host country j in year t (source:
UNCTAD).
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GDP_home

GDP_host

GDPperCap_home

GDPperCap_host

TradeOpenness_home

TradeOpenness_host

FinancialOpenness_home

FinancialOpenness_host

Education_home

Education_host

GeoDistance

SamelLanguage

Samelegalsystem

Colony

PastTradeflow

BIT

The natural logarithm of annual GDP of the home country i in year t (in dollars;
source: World Bank).

The natural logarithm of annual GDP of the host country j in year t (in dollars;
source: World Bank).

The natural logarithm of annual GDP per capita of the home country i in year t (in
dollars; source: World Bank).

The natural logarithm of annual GDP per capita of the host country j in year t (in
dollars; source: World Bank).

The sum of exports and imports divided by GDP of the home country i (source:
World Bank).

The sum of exports and imports divided by GDP of the host country j (source:
World Bank).

The capital account openness index of the home country i in year t (source: Chinn
and Ito, 2006).

The capital account openness index of the host country j in year t (source: Chinn
and Ito, 2006).

The gross secondary enrollment rate of the home country i in year t (source: World
Bank).

The gross secondary enrollment rate of the host country j in year t (source: World
Bank).

The natural logarithm of the great-circle distance between the most populated cities
of the home country i and the host country j (in kilometers; source: CEPII).

Dummy variable that is equal to 1 if the home country i and the host country j share
the same primary language (source: CEPII).

Dummy variable that is equal to 1 if the home country i and the host country j share
the same legal origin (source: Djankov et al., 2008).

Dummy variable that is equal to 1 if the home country i and the host country j have
a past colonial relationship (source: CEPII).

The sum of percentages of import partner share plus percentages of export partner
share between the home country i and the host country j in the past three years in
year t (source: World Bank).

Dummy variable that is equal to 1 if a bilateral investment treaty (BIT) is in force
between the home country i and the host country j (source: UNCTAD).

29



References

Abadie, A., Gardeazabal, J., 2008. Terrorism and the world economy. European Economic Review
52(1), 1-27.

Alba, J. D., Park, D., Wang, P., 2009. Corporate governance and merger and acquisition (M&A)
FDI: firm-level evidence from Japanese FDI into the US. Journal of Multinational Financial
Management 19(1), 1-11.

Albuquerque, R., 2003. The composition of international capital flows: risk sharing through
foreign direct investment. Journal of International Economics 61(2), 353-383.

Alfaro, L., Chanda, A., Kalemli-Ozcan, S., Sayek, S., 2004. FDI and economic growth: the role of
local financial markets. Journal of International Economics 64(1), 89-112.

Bader, B., Berg, N., Holtbriigge, D., 2015. Expatriate performance in terrorism-endangered
countries: the role of family and organizational support. International Business Review 24(5), 849-
860.

Bailey, N., Li, S., 2015. Cross-national distance and FDI: the moderating role of host country local
demand. Journal of International Management 21(4), 267-276.

Bandyopadhyay, S., Sandler, T., Younas, J., 2014. Foreign direct investment, aid, and terrorism.
Oxford Economic Papers 66(1), 25-50.

Barro, R. J., 1991. Economic growth in a cross section of countries. Quarterly Journal of
Economics 106(2), 407-443.

Becker, G. S., Rubinstein, Y., 2004. Fear and the response to terrorism: an economic analysis.
Working Paper, University of Chicago.

Beugelsdijk, S., Smeets, R., Zwinkels, R., 2008. The impact of horizontal and vertical FDI on
host's country economic growth. International Business Review 17(4), 452-472.

Biro, F. P., Erdey, L., Gall, J., Markus, A., 2019. The effect of governance on foreign direct
investment in Latin America—issues of model selection. Global Economy Journal 19(1), 1950006.

Blomberg, S. B., Hess, G. D., Orphanides, A., 2004. The macroeconomic consequences of
terrorism. Journal of Monetary Economics 51(5), 1007-1032.

Blomberg, S. B., Mody, A., 2005. How severely does violence deter international investment?
Working Paper, Claremont McKenna College.

Blonigen, B. A., Davies, R. B., 2004. The effects of bilateral tax treaties on US FDI activity.
International Tax and Public Finance 11(5), 601-622.

Borensztein, E., De Gregorio, J., Lee, J. W., 1998. How does foreign direct investment affect

30



economic growth? Journal of International Economics 45(1), 115-135.

Brada, J. C., Drabek, Z., Mendez, J. A., Perez, M. F., 2019. National levels of corruption and
foreign direct investment. Journal of Comparative Economics 47(1), 31-49.

Brada, J. C., Drabek, Z., Perez, M. F., 2012. The effect of home-country and host-country
corruption on foreign direct investment. Review of Development Economics 16(4), 640-663.

Busse, M., Hefeker, C., 2007. Political risk, institutions and foreign direct investment. European
Journal of Political Economy 23(2), 397-415.

Calderon-Rossell, J. R., 1985. Towards the theory of foreign direct investment. Oxford Economic
Papers 37(2), 282-291.

Charles, A., Darné, O., 2006. Large shocks and the September 11th terrorist attacks on
international stock markets. Economic Modelling 23(4), 683-698.

Chinn, M. D., Ito, H., 2006. What matters for financial development? Capital controls, institutions,
and interactions. Journal of Development Economics 81(1), 163-192.

Correia, S., Guimarées, P., Zylkin, T., 2020. Fast Poisson estimation with high-dimensional fixed
effects. Stata Journal 20(1), 95-115.

Cruz Rambaud, S., Sanchez Pérez, A. M., 2019. A mathematical approach to the deferment option
of an investment project. Managerial and Decision Economics 40(6), 639-650.

Cuervo-Cazurra, A., 2006. Who cares about corruption? Journal of International Business Studies
37(C), 807-822.

Cuervo-Cazurra, A., 2008. Better the devil you don't know: types of corruption and FDI in
transition economies. Journal of International Management 14(1), 12-27.

Delgado, M. S., McCloud, N., Kumbhakar, S. C., 2014. A generalized empirical model of
corruption, foreign direct investment, and growth. Journal of Macroeconomics 42(C), 298-316.

Desai, M. A., Dyck, A., Zingales, L., 2007. Theft and taxes. Journal of Financial Economics 84(3),
591-623.

Dimitrova, A., Triki, D., Valentino, A., 2022. The effects of business-and non-business-targeting
terrorism on FDI to the MENA region: the moderating role of political regime. International
Business Review 31(6), 101976.

Djankov, S., La Porta, R., Lopez-de-Silanes, F., Shleifer, A., 2008. The law and economics of self-
dealing. Journal of Financial Economics 88(3), 430-465.

Dolansky, E., Alon, 1., 2008. Religious freedom, religious diversity, and Japanese foreign direct
investment. Research in International Business and Finance 22(1), 29-39.

Egger, P., Merlo, V., 2007. The impact of bilateral investment treaties on FDI dynamics. World
31



Economy 30(10), 1536-1549.

Elkins, Z., Guzman, A. T., Simmons, B. A., 2006. Competing for capital: the diffusion of bilateral
investment treaties, 1960-2000. International Organization 60(4), 811-846.

Enders, W., Sandler, T., 1996. Terrorism and foreign direct investment in Spain and Greece.
Kyklos 49(3), 331-352.

Enders, W., Sandler, T., 2012. The political economy of terrorism. Cambridge University Press.

Filer, R. K., Stanisi¢, D., 2016. The effect of terrorist incidents on capital flows. Review of
Development Economics 20(2), 502-513.

Fleck, R. K., Kilby, C., 2010. Changing aid regimes? US foreign aid from the Cold War to the war
on terror. Journal of Development Economics 91(2), 185-197.

Globerman, S., Shapiro, D., 2002. Global foreign direct investment flows: the role of governance
infrastructure. World Development 30(11), 1899-1919.

Grubert, H., Mutti, J., 1991. Taxes, tariffs and transfer pricing in multinational corporate decision
making. Review of Economics and Statistics 73(2), 285-293.

Gupta, S., Clements, B., Bhattacharya, R., Chakravarti, S., 2004. Fiscal consequences of armed
conflict and terrorism in low- and middle-income countries. European Journal of Political
Economy 20(2), 403-421.

Hergueux, J., 2011. How does religion bias the allocation of foreign direct investment? The role
of institutions. International Economics 128(C), 53-76.

Herzer, D., 2010. Outward FDI and economic growth. Journal of Economic Studies 37(5), 476-
494,

Holmes Jr, R. M., Miller, T., Hitt, M. A., Salmador, M. P., 2013. The interrelationships among
informal institutions, formal institutions, and inward foreign direct investment. Journal of
Management 39(2), 531-566.

Hong, S., Lee, J., Oh, F. D., Shin, D., 2023. Religion and foreign direct investment. International
Business Review 32(1), 102035.

Hotchkiss, J. L., Pavlova, O., 2009. The impact of 9/11 on hours of work and labour force
participation in the US. Applied Economics Letters 16(10), 999-1003.

Javorcik, B. S., 2004. Does foreign direct investment increase the productivity of domestic firms?
In search of spillovers through backward linkages. American Economic Review 94(3), 605-627.

Jensen, N., 2008. Political risk, democratic institutions, and foreign direct investment. Journal of
Politics 70(4), 1040-1052.

Kojima, K., 1975. International trade and foreign investment: substitutes or complements.

32



Hitotsubashi Journal of Economics 16(1), 1-12.

Lanouar, C., Shahzad, U., 2021. Terrorism and capital flows: the missed impact of terrorism in big
cities. Applied Economics Letters 28(18), 1626-1633.

Larrain, M., Stumpner, S., 2017. Capital account liberalization and aggregate productivity: the role
of firm capital allocation. Journal of Finance 72(4), 1825-1858.

Lee, H., Mitchell, S. M., 2012. Foreign direct investment and territorial disputes. Journal of
Conflict Resolution 56(4), 675-703.

Lee, J., Oh, F. D., 2025. Foreign direct investment during financial crises: evidence from Korea.
Working Paper, Kookmin University and Seoul National University.

Li, S., Zhao, L., Shen, H., 2021. Foreign direct investment and institutional environment: the
impact of bilateral investment treaties. Applied Economics 53(30), 3535-3548.

Marchant, M. A., Cornell, D. N., Koo, W., 2002. International trade and foreign direct investment:
substitutes or complements? Journal of Agricultural and Applied Economics 34(2), 289-302.

Mundell, R. A., 1957. International trade and factor mobility. American Economic Review 47(3),
321-335.

Neumayer, E., Spess, L., 2005. Do bilateral investment treaties increase foreign direct investment
to developing countries? World Development 33(10), 1567-1585.

North, D. C., 1990. Institutions, institutional change, and economic performance. New York:
Cambridge University Press.

Perez, M. F., Brada, J. C., Drabek, Z., 2012. Illicit money flows as motives for FDI. Journal of
Comparative Economics 40(1), 108-126.

Procasky, W. J., Ujah, N. U., 2016. Terrorism and its impact on the cost of debt. Journal of
International Money and Finance 60(C), 253-266.

Quazi, R., 2007. Economic freedom and foreign direct investment in East Asia. Journal of the Asia
Pacific Economy 12(3), 329-344.

Riedl, A., 2010. Location factors of FDI and the growing services economy: evidence for transition
countries. Economics of Transition 18(4), 741-761.

Schlesinger, J. R., Tomashevskiy, A., 2024. Terror, political risk, and effect on foreign direct
investment. Terrorism and Political Violence 36(2), 145-165.

Scott, W. R., 1987. The adolescence of institutional theory. Administrative Science Quarterly
32(4), 493-511.

Sharma, K., Bandara, Y., 2010. Trends, patterns and determinants of Australian foreign direct
investment. Journal of Economic Issues 44(3), 661-676.

33



Shepherd, B., 2016. The gravity model of international trade: a user guide (an updated version).
Working Paper, Asia-Pacific Research and Training Network on Trade.

Siegel, J. I, Licht, A. N., Schwartz, S. H., 2013. Egalitarianism, cultural distance, and foreign
direct investment: a new approach. Organization Science 24(4), 1174-1194.

Silva, J. S., Tenreyro, S., 2006. The log of gravity. Review of Economics and Statistics 88(4), 641-
658.

Sirr, G., Garvey, J., Gallagher, L. A., 2017. Bilateral investment treaties and foreign direct
investment: evidence of asymmetric effects on vertical and horizontal investments. Development
Policy Review 35(1), 93-113.

Su, D., Zhan, Y., 2024. Host-country terrorism and outward foreign direct investment location
choice of Chinese multinational firms: the moderating roles of state ownership and immigrant
influence. Managerial and Decision Economics 45(4), 2627-2645.

Thomas, J., Worrall, T., 1994. Foreign direct investment and the risk of expropriation. Review of
Economic Studies 61(1), 81-108.

Trigeorgis, L., Reuer, J. J. 2017. Real options theory in strategic management. Strategic
Management Journal 38(1), 42-63.

Turkoglu, O., Chadefaux, T., 2023. The effect of terrorist attacks on attitudes and its
duration. Political Science Research and Methods 11(4), 893-902.

Ullah, 1., Rahman, M. U., 2014. Terrorism and foreign direct investments in Pakistan: a
cointegration analysis. Journal of Economics and Sustainable Development 5(15), 233-242.

Welfens, P. J., Baier, F. J., 2018. BREXIT and foreign direct investment: key issues and new
empirical findings. International Journal of Financial Studies 6(2), 46.

Yang, X., 2012. Essays on financial integration, financial development and economic growth.
Nashville, TN: Vanderbilt University.

Zander, T., 2021. Does corruption matter for FDI flows in the OECD? A gravity analysis.
International Economics and Economic Policy 18(2), 347-377.

Zongo, A., 2020. The impact of restrictive measures on bilateral FDI in OECD countries. Working
Paper, University of Bordeaux.

34



Figure 1: Terrorism in the World

This figure reports the trend of terrorism in the world from 1980 to 2019. Panel A depicts the total number
of terrorism incidents in the world. Panel B describes the number of terrorist attacks in various regions.
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Panel B: Number of Terrorism Incidents around the World
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Table 1: Descriptive Statistics

This table presents the descriptive statistics of our data sample and the variables from 1985 to 2019. Panel
A reports the summary statistics for the variables used. Panel B shows the pairwise Pearson correlation
coefficients for the main dependent, independent, and country-pair control variables. In Panel B, the
symbols * indicate statistical significance at the 1% level. All variables are defined in Appendix A.

Panel A: Summary Statistics

Variable Count Mean Star)dgrd 1 . Median 99" .
deviation  percentile percentile
Dependent variable
In(1+FDI) 75,717 7.8493 8.8191 0.0000 0.0000 22.5897
Independent variables
Terror_Incident_home 75,717 0.7504 2.9074 0.0000 0.0986 7.1791
Terror_Incident_host 75,717 0.7929 4.0616 0.0000 0.0432 10.3284
Terror_Kill_home 75,717 0.5127 3.2608 0.0000 0.0000 9.3545
Terror_Kill_host 75,717 0.9623 6.1269 0.0000 0.0000 19.6084
Terror_Casualty _home 75,717 1.6916 9.4420 0.0000 0.0148 27.5341
Terror_Casualty_host 75,717 2.5017 14.1343 0.0000 0.0000 47.3394
Interaction variables
HighWGl 75,717 0.3038 0.4599 0.0000 0.0000 1.0000
BIT 75,717 0.3389 0.4733 0.0000 0.0000 1.0000
Control variables
GDP_home 75,717 26.6820 1.6002 23.0452 26.5815 30.4515
GDP_host 75,717 25.4171 2.3153 19.7134 25.8592 30.2625
GDPperCap_home 75,717 9.8388 1.0693 6.6163 10.0780 11.3143
GDPperCap_host 75,717 9.0440 1.4538 5.7245 9.3062 11.2200
TradeOpenness_home 75,717 0.8350 0.5129 0.2004 0.7092 3.2684
TradeOpenness_host 75,717 0.8501 0.5253 0.1982 0.7215 3.2694
FinancialOpenness_home 75,717 1.4739 1.2805 -1.9239 2.3220 2.3220
FinancialOpenness_host 75,717 0.8028 1.5551 -1.9239 1.0489 2.3220
Education_home 75,717 0.9462 0.1224 0.3752 1.0000 1.0000
Education_host 75,717 0.8403 0.2342 0.1553 0.9648 1.0000
GeoDistance 75,717 8.4889 0.9228 5.9862 8.7881 9.7654
SamelLanguage 75,717 0.0716 0.2579 0.0000 0.0000 1.0000
SameL egalsystem 75,717 0.1890 0.3915 0.0000 0.0000 1.0000
Colony 75,717 0.0367 0.1881 0.0000 0.0000 1.0000
PastTradeflow 75,717 4.8913 14.6204 0.0000 0.1945 68.5559
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Panel B: Pairwise Correlation Matrix

@) (&) @) 4) ©) (6) @) (8) (©) (10) 1) (12) (13)
In(1+FDI) (1) 1.0000
Terror_Incident_home (2) -0.0588* 1.0000
Terror_Incident_host (3) -0.0306* 0.0102* 1.0000
Terror_Kill_home (4) -0.0490* 0.7555* -0.0019  1.0000
Terror_Kill_host (5) -0.0544* 0.0021 0.7096*  -0.0111* 1.0000
Terror_Casualty home (6) -0.0293* 0.7205* -0.0040 0.8817* -0.0107* 1.0000
Terror_Casualty_host  (7)  -0.0422* 0.0007 0.7683*  -0.0104* 0.8905* -0.0091  1.0000
BIT (8) 0.1773*  -0.0582* -0.0371* -0.0212* -0.0345* -0.0280* -0.0300* 1.0000
GeoDistance (9) -0.2452* 0.0217* -0.0037  0.0315* 0.0115* 0.0230* 0.0027 -0.1464*  1.0000
SameLanguage (10) 0.1038* 0.0381*  0.0000 0.0111* -0.0016  0.0189*  0.0024 -0.0671* -0.0165* 1.0000
SameLegalsystem (11) 0.1583* 0.0156*  0.0037 0.0176*  -0.0247* 0.0145* -0.0171* 0.0811* -0.1092* 0.2859*  1.0000
Colony (12) 0.1251* 0.0050 0.0122*  -0.0014  0.0091 0.0042 0.0148* 0.0615* -0.0639* 0.3844* 0.1755*  1.0000
PastTradeflow (13) 0.2789*  -0.0325* -0.0257* -0.0242* -0.0354* -0.0050  -0.0220* -0.0535* -0.3392* 0.1288* 0.1617* 0.0800* 1.0000

38



Table 2: Effects of Terrorism on FDI

This table reports the results of the panel OLS regressions for Equation (1), illustrating the effect of
terrorism on FDI flows. Panel A shows the main results using the entire sample. Panel B presents the main
results using matched samples obtained through the propensity-score matching (PSM) method. Panels C
and D describe the results with country-pairs within the same continent and across different continents,
respectively. The dependent variable is In(1 + FDI), the natural logarithm of one plus the dollar value of
FDI flows at the country-pair-year level. In Columns (1)—(3), the main independent variables are measures
of terrorism (i.e., Terror_Incident, Terror_Kill, and Terror_Casualty) in the home and host country,
as defined in Section 3. In Columns (4)—(6), we use the sum of terrorism variables for the past three years
(i.e., Past_Terror_Incident , Past_Terror_Kill , and Past_Terror_Casualty ) as alternative
independent variables. Detailed variable descriptions are provided in Appendix A. In all the columns, the
inclusion of control variables and fixed effects is indicated The standard errors are adjusted for clustering
at the home—host country pair level. T-statistics are shown in parentheses. Symbols *, **, and *** indicate
statistical significance at the 10%, 5%, and 1% levels, respectively.

Panel A: Main Results

. In(1+FDI)
Variable @ @ ©) @ ©) ©)
Terror_Incident_home 0.0439***
(4.1994)
Terror_Incident_host -0.0158*
(-1.9550)
Terror_Kill_home 0.0207**
(2.1774)
Terror_Kill_host -0.0096**
(-1.9816)
Terror_Casualty _home 0.0088***
(2.8931)
Terror_Casualty host -0.0054**
(-2.5641)
Past_Terror_Incident_home 0.0112**
(2.3731)
Past_Terror_Incident_host -0.0052
(-1.5545)
Past_Terror_Kill_home 0.0083***
(2.6993)
Past_Terror_Kill_host -0.0037*
(-1.8714)
Past_Terror_Casualty_home 0.0053***
(3.5349)
Past_Terror_Casualty host -0.0014
(-1.5325)
GDP_home 0.9274 1.0168 1.0549 0.9273 0.9753 0.9829
(1.2056) (1.3230) (1.3710) (1.2036) (1.2682) (1.2762)
GDP_host 2.1349*** 2. 1347***  21323***  2,1609***  2,1504***  21337***
(3.9426) (3.9413) (3.9385) (3.9827) (3.9658) (3.9371)
GDPperCap_home 1.0977 1.0158 0.9632 1.1043 1.0748 1.0579
(1.3873) (1.2840) (1.2160) (1.3939) (1.3575) (1.3348)
GDPperCap_host -0.9245* -0.9272* -0.9264* -0.9529* -0.9463* -0.9280*
(-1.6913) (-1.6965) (-1.6965) (-1.7405) (-1.7311) (-1.6992)
TradeOpenness_home 1.4063***  1.4137***  1.4003***  1.3893***  14079***  1.3741***

(4.1517) (4.182) (4.1411)  (4.0996)  (4.1633)  (4.0610)
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TradeOpenness_host
FinancialOpenness_home
FinancialOpenness_host
Education_home
Education_host
GeoDistance
SamelLanguage
SameLegalsystem

Colony

PastTradeflow

Home country fixed effects
Host country fixed effects
Year fixed effects

Adjusted R-squared
Observations

1.5099%**
(5.8109)
0.3580%**
(6.0349)
0.0239
(0.4030)
5.4523%*
(6.4394)
0.8345
(1.4034)
-2.4066***
(-25.1891)
1.0080%**
(3.8342)
0.2864*
(1.9139)
2.6760%**
(8.4830)
-0.0093**
(-2.2594)

Yes

Yes

Yes
0.4009
75,717

1.5082%**
(5.8039)
0.3438***
(5.7964)
0.0267
(0.4496)
5.3017***
(6.2673)
0.8414
(1.4175)
-2.4054%**
(-25.1681)
1.0069%**
(3.8299)
0.2860*
(1.9116)
2.6765%**
(8.4863)
-0.0093**
(-2.2395)

Yes

Yes

Yes
0.4008
75,717

1.5167%**
(5.8369)
0.3479%**
(5.8735)
0.0244
(0.4109)
5.2871 %%
(6.2648)
0.8384
(1.4117)
-2.4057%**
(-25.1792)
1.0085%**
(3.8374)
0.2867*
(1.9165)
2.6760%**
(8.4850)
-0.0092**
(-2.2370)

Yes

Yes

Yes
0.4009
75,717

1.4981%**
(5.7643)
0.3510%**
(5.8654)
0.0218
(0.3680)
5.3478%*
(6.2894)
0.8294
(1.3937)
-2.405%**
(-25.1576)
1.0086%**
(3.8352)
0.2856*
(1.9085)
2.6787***
(8.4890)
-0.0093**
(-2.2418)

Yes

Yes

Yes
0.4009
75,711

1.5026%**
(5.7849)
0.3477%%*
(5.8555)
0.0228
(0.3838)
5.3709%**
(6.3416)
0.8046
(1.3530)
-2.4062%%*
(-25.1732)
1.0079%**
(3.8336)
0.2862*
(1.9122)
2.6774%**
(8.4910)
-0.0093**
(-2.2462)

Yes

Yes

Yes
0.4009
75,711

1.5074%**
(5.8044)
0.3572%**
(6.0111)
0.0246
(0.4133)
5.3496%*
(6.3344)
0.8330
(1.3999)
-2.4083%**
(-25.2073)
1.0123%**
(3.8516)
0.2881*
(1.9254)
2.6736%+*
(8.4798)
-0.0094**
(-2.2685)

Yes

Yes

Yes
0.4009
75,711
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Panel B: Robustness Checks: PSM Analyses

. In(1+FDI)
Verieble ) @ ©) @ ©) ©)
Terror_Incident_home 0.0274**
(2.3459)
Terror_Incident_host -0.0173**
(-2.1056)
Terror_Kill_home 0.0198*
(1.9029)
Terror_Kill_host -0.0082*
(-1.7070)
Terror_Casualty_home 0.0090**
(2.3159)
Terror_Casualty host -0.0046**
(-2.0517)
Past_Terror_Incident_home 0.0099*
(1.8723)
Past_Terror_Incident_host -0.0052
(-1.5499)
Past_Terror_Kill_home 0.0088***
(2.7332)
Past_Terror_Kill_host -0.0035*
(-1.8316)
Past_Terror_Casualty_home 0.0060***
(3.3771)
Past_Terror_Casualty host -0.0014
(-1.5213)
Control variables Yes Yes Yes Yes Yes Yes
Home country fixed effects Yes Yes Yes Yes Yes Yes
Host country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R-squared 0.4231 0.4230 0.4230 0.4231 0.4231 0.4232
Observations 37,310 37,310 37,310 37,305 37,305 37,305
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Panel C: Country Pairs in the Same Continent

. In(1+FDI)
Variable @ @ ©) @ ©) ©)
Terror_Incident_home 0.0309
(0.8396)
Terror_Incident_host -0.0716*
(-1.7199)
Terror_Kill_home 0.0165
(0.5464)
Terror_Kill_host -0.0926**
(-2.3619)
Terror_Casualty _home 0.0106
(1.1914)
Terror_Casualty_host -0.0199*
(-1.8032)
Past_Terror_Incident_home -0.0033
(-0.2297)
Past_Terror_Incident_host -0.0211
(-1.1603)
Past_Terror_Kill_home 0.0062
(0.5700)
Past_Terror_Kill_host -0.0160
(-1.0520)
Past_Terror_Casualty_home 0.0071
(1.4337)
Past_Terror_Casualty_host -0.0078
(-1.5076)
Control variables Yes Yes Yes Yes Yes Yes
Home country fixed effects Yes Yes Yes Yes Yes Yes
Host country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R-squared 0.2239 0.2241 0.2240 0.2238 0.2238 0.2240
Observations 19,513 19,513 19,513 19,513 19,513 19,513
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Panel D: Country Pairs in Different Continents

. In(1+FDI)
Variable @ @ ©) @ ©) ©)
Terror_Incident_home 0.0443***
(4.4558)
Terror_Incident_host -0.0115
(-1.4607)
Terror_Kill_home 0.0147
(1.4276)
Terror_Kill_host -0.0069
(-1.4880)
Terror_Casualty _home 0.0054
(1.5563)
Terror_Casualty_host -0.0048**
(-2.3126)
Past_Terror_Incident_home 0.0134***
(2.9689)
Past_Terror_Incident_host -0.0041
(-1.2609)
Past_Terror_Kill_home 0.0062*
(1.9530)
Past_Terror_Kill_host -0.0032*
(-1.6925)
Past_Terror_Casualty_home 0.0032**
(2.1289)
Past_Terror_Casualty_host -0.0015
(-1.5976)
Control variables Yes Yes Yes Yes Yes Yes
Home country fixed effects Yes Yes Yes Yes Yes Yes
Host country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Adjusted R-squared 0.4338 0.4336 0.4336 0.4337 0.4337 0.4337
Observations 56,204 56,204 56,204 56,198 56,198 56,198
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Table 3: Poisson Pseudo-Maximum-Likelihood (PPML) Estimation

This table reports the results of the Poisson pseudo-maximum-likelihnood (PPML) estimation for Equation
(2). The dependent variable is FDI, the amount of dollar value of FDI flows at the country-pair-year level.
In Columns (1)—(3), the main independent variables are measures of terrorism (i.e., Terror_Incident,
Terror_Kill, and Terror_Casualty) in the home and host country, as defined in Section 3. In Columns
(4)—(6), we use the sum of terrorism variables for the past three years (i.e., Past_Terror_Incident,
Past_Terror_Kill, and Past_Terror_Casualty) as alternative independent variables. Detailed variable
descriptions are provided in Appendix A. In all the columns, the inclusion of control variables and fixed
effects is indicated. The standard errors are adjusted for clustering at the home—host country pair level. T-
statistics are shown in parentheses. Symbols *, **, and *** indicate statistical significance at the 10%, 5%,
and 1% levels, respectively.

Variable FDI
1) (2) @) (4) ®) (6)
Terror_Incident_home 0.0243***
(2.8995)
Terror_Incident_host -0.0034
(-0.2941)
Terror_Kill_home -0.0107
(-0.8161)
Terror_Kill_host -0.0177
(-1.4622)
Terror_Casualty_home -0.0012
(-0.5240)
Terror_Casualty_host -0.0029
(-0.8622)
Past_Terror_Incident_home 0.0100
(1.4483)
Past_Terror_Incident_host 0.0022
(0.4133)
Past_Terror_Kill_home -0.0029
(-0.3754)
Past_Terror_Kill_host -0.0163***
(-2.8146)
Past_Terror_Casualty_home 0.0004
(0.2405)
Past_Terror_Casualty_host -0.0046***
(-3.1066)
Control variables Yes Yes Yes Yes Yes Yes
Home country fixed effects Yes Yes Yes Yes Yes Yes
Host country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Pseudo log-likelihood -1.9594e+13 -1.9599e+13 -1.9602e+13 -1.9599e+13 -1.9584e+13 -1.9573e+13
Pseudo R-squared 0.7249 0.7248 0.7247 0.7248 0.7250 0.7251
Observations 75,684 75,684 75,684 75,678 75,678 75,678
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Table 4: Mediating Factors Between Terrorism and FDI

This table reports the results of the Poisson pseudo-maximum-likelihood (PPML) estimation for Equation
(2). Panel A shows the results with the indicator of the high level of corporate governance (HighWGI).
Panel B describes the result with BIT, a dummy variable equal to 1 if there is a BIT in force between the
two countries and 0 otherwise. The dependent variable is FDI, the amount of dollar value of FDI flows at
the country-pair-year level. In Columns (1)—(3), the main independent variables are measures of terrorism
(i.e., Terror_Incident, Terror_Kill, and Terror_Casualty) in the home and host country, as defined in
Section 3. In Columns (4)—(6), we use the sum of terrorism variables for the past three years (i.e.,
Past_Terror_Incident, Past_Terror_Kill, and Past_Terror_Casualty) as alternative independent
variables. Detailed variable descriptions are provided in Appendix A. In all the columns, the inclusion of
control variables and fixed effects is indicated. The standard errors are adjusted for clustering at the home—
host country pair level. T-statistics are shown in parentheses. Symbols *, **, and *** indicate statistical
significance at the 10%, 5%, and 1% levels, respectively.

Panel A: Corporate Governance

Variable FDI
1) ) @) (4) ©) (6)
Terror_Incident_home 0.0259***
(4.3337)
Terror_Incident_host -0.0107
(-1.0259)
Terror_Kill_home -0.0284**
(-2.0349)
Terror_Kill_host -0.0174**
(-2.4684)
Terror_Casualty_home -0.0067**
(-2.0528)
Terror_Casualty _host -0.0053**
(-2.0012)
Past_Terror_Incident_home 0.0069
(1.3717)
Past_Terror_Incident_host -0.0065
(-1.1102)
Past_Terror_Kill_home -0.0218***
(-3.4305)
Past_Terror_Kill_host -0.0054
(-1.4068)
Past_Terror_Casualty_home -0.0037**
(-2.3575)
Past_Terror_Casualty _host -0.0005
(-0.3666)
HighWGl 0.0110 -0.0120 -0.0173 -0.1453 -0.1384 -0.1513
(0.1209) (-0.1314) (-0.1886) (-1.5330) (-1.5097) (-1.6006)
Terror_Incident_home x HighWGlI -0.0168
(-0.4785)
Terror_Incident_host x HighWGl 0.0171
(0.6886)
Terror_Kill_home x HighWGlI 0.0302
(1.5004)
Terror_Kill_host x HighWGlI 0.0011
(0.0474)
Terror_Casualty_home x HighWGlI 0.0073*
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Terror_Casualty _host x HighWGlI
Past_Terror_Incident_homex HighWGI
Past_Terror_Incident_host x HighWGlI
Past_Terror_Kill_home x HighWGlI
Past_Terror_Kill_host x HighWGl
Past_Terror_Casualty_home x HighWGl

Past_Terror_Casualty _host x HighWGlI

Control variables

Home country fixed effects
Host country fixed effects
Year fixed effects

Pseudo log-likelihood
Pseudo R-squared
Observations

Yes
Yes
Yes
Yes

-1.9591e+13
0.7249
75,684

Yes
Yes
Yes
Yes

-1.9596e+13
0.7248
75,684

(1.9448)
0.0032
(0.6893)

Yes
Yes
Yes
Yes
-1.9596e+13
0.7248
75,684

0.0051

(0.8460)
0.0152

(1.5939)

Yes
Yes
Yes
Yes

-1.9586e+13

0.7250
75,678

0.0432%+*
(4.7690)

-0.0285%**
(-2.8207)

Yes
Yes
Yes
Yes

-1.9526e+13

0.7258
75,678

0.0076%**
(4.2535)
-0.0053**
(-2.5068)

Yes
Yes
Yes
Yes
-1.9513e+13
0.7260
75,678
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Panel B: Bilateral Investment Treaty

Variable

FDI

Q) (2)

(©) (4) (5)

(6)

Terror_Incident_home
Terror_Incident_host
Terror_Kill_home
Terror_Kill_host
Terror_Casualty_home
Terror_Casualty_host
Past_Terror_Incident_home
Past_Terror_Incident_host
Past_Terror_Kill_home
Past_Terror_Kill_host
Past_Terror_Casualty_home
Past_Terror_Casualty_host

BIT

Terror_Incident_home x BIT
Terror_Incident_host x BIT
Terror_Kill_home x BIT
Terror_Kill_host x BIT
Terror_Casualty_home x BIT
Terror_Casualty_host x BIT
Past_Terror_Incident_homex BIT
Past_Terror_Incident_host x BIT
Past_Terror_Kill_home x BIT
Past_Terror_Kill_host x BIT
Past_Terror_Casualty_home x BIT

Past_Terror_Casualty_host x BIT

0.0256™*
(2.4945)
-0.0053
(-0.3459)
-0.0130
(-1.0001)
-0.0282
(-1.5774)

-0.0434 -0.0603

(-0.4479) (-0.6445)

-0.0129

(-0.3956)

0.0074

(0.3549)
0.0188
(0.6032)
0.0316*
(1.7045)

47

-0.0013
(-0.6056)
-0.0030
(-0.8529)
0.0108
(1.3983)
0.0035
(0.6228)

-0.0031
(-0.4099)
-0.0243%**
(-2.7919)

-0.0521 0.0004 -0.0411
(-0.4310)

(-0.5569) (0.0041)

0.0034
(0.4880)
0.0025
(0.4809)
-0.0070
(-0.4353)
-0.0087
(-0.7705)

-0.0012
(-0.0889)
0.0214**
(2.3315)

0.0004
(0.2733)
-0.0049%**
(-2.9976)
-0.0263
(-0.2729)

-0.0013
(-0.4282)
0.0028
(0.9978)



Control variables Yes Yes Yes Yes Yes Yes

Home country fixed effects Yes Yes Yes Yes Yes Yes
Host country fixed effects Yes Yes Yes Yes Yes Yes
Year fixed effects Yes Yes Yes Yes Yes Yes
Pseudo log-likelihood -1.9591e+13 -1.9592e+13 -1.9599e+13 -1.9596e+13 -1.9574e+13 -1.9571e+13
Pseudo R-squared 0.7249 0.7249 0.7248 0.7248 0.7251 0.7252
Observations 75,684 75,684 75,684 75,678 75,678 75,678
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